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Abstract

In the rapid development of multimodal artificial intelligence, large-scale visual language models, with their powerful

cross-modal understanding and generation capabilities, have demonstrated broad application prospects in tasks such as

visual question answering, image-text generation, and intelligent retrieval. However, the hallucination problem, where

the generated content does not match the input visual information or facts, is becoming a key challenge that restricts the

reliability and credibility of these models. Research has found that hallucinations are not only related to the bias and

noise in the training data, but also involve insufficient alignment between visual encoding and language generation,
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inherent limitations of the model structure, and instability in the distribution of attention during the
reasoning stage. Existing work has gradually established a multi-level analysis framework for
hallucination detection and evaluation, including characterizing the model's error performance from
semantic dimensions such as objects, attributes, and relationships; in terms of mitigation strategies,
researchers attempt to reduce the occurrence of hallucinations by improving data quality, optimizing
visual representations, improving cross-modal alignment methods, introducing human feedback
mechanisms, and designing more robust reasoning and generation methods. Although notable progress
has been made in this area, hallucination in LVLMs still poses potential risks, especially in high-stakes
application scenarios, and therefore requires further in-depth investigation. This survey systematically
reviews the definitions, categories, causes, detection methods, and mitigation strategies of LVLM

hallucinations, and further summarizes the major challenges and future research directions, with the aim

of providing a comprehensive and in-depth reference for both researchers and practitioners.
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